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Are acute:chronic workload ratios 
of perceived exertion and running based 
variables sensible to detect variations 
between player positions over the season? 
A soccer team study
Hadi Nobari1,2,3*, Ersan Arslan4, Alexandre Duarte Martins5,6 and Rafael Oliveira5,7,8 

Abstract 

Background:  The aim of this study was to describe and compare the in-season variations of acute: chronic workload 
ratio (ACWR) coupled, uncoupled, and exponentially weighted moving average (EWMA) through session rating of 
perceived exertion (s-RPE), total distance (TD), high-speed running distance (HSRD) and sprint distance (SPRINT) in 
three different periods of an elite soccer season according to player positions.

Methods:  Twenty male elite players (age: 29.4 ± 4.4) from an Asian First League team were daily monitored for 
twenty consecutive weeks during the 2017–2018 in-season. Forty-seven trainings and twenty matches were moni-
tored using global positioning system units (GPS) to collect TD, HSRD and SPRINT. Through the collection of s-RPE, TD, 
HSRD, and SPRINT by ACWR and EWMA were calculated for each training session.

Results:  The results revealed that according to different periods of the season, workload measures observed in mid-
season were meaningfully higher compared with early-season (g = ranging from 0.53 to 4.98) except for EWMASPRINT. 
In general, wingers and strikers tended to have greater scores in workload measures compared to the defenders and 
midfielders (g = ranging from 0.41 to 5.42).

Conclusions:  These findings may provide detailed information for coaches and sports scientists regarding the vari-
ations of acute and chronic workload ratio and external loading in-season and between player positions in an elite 
soccer team.

Keywords:  Internal load, External load, High-speed running, Defenders, Midfielders, Strikers
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Background
In professional soccer, training and match load quanti-
fication is a common practice of coaches and their staff 
[1]. The load quantification could be divided in two 

dimensions: internal and external. Internal dimension is 
related to the psychophysiological state of the body [e.g. 
rated perceived exertion (RPE) and/or heart rate] while 
external dimension quantifies to the training prescribed 
by the coach and their staff (e.g. running speed distances 
and/or accelerometry-based variables [2].

In this sense, some research showed that player posi-
tions have different roles and consequently different 
intensities in training sessions [3–5] and matches [5–7], 
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although not all studies present significant differences 
[8]. Considering training, on one hand, Malone et  al. 
[9] showed higher total distance (TD) covered by cen-
tral midfielders than other positions. The same authors 
showed higher RPE for strikers when compared to the 
other positions [9]. On the other hand, Clemente et  al., 
[4] found higher values for wide defenders and wide 
midfielders with respect to high-speed running distance 
(HSRD) and number of sprints when compared with the 
other positions.

Regarding matches, Batista et al. [5] showed that dur-
ing training, wide defenders achieved 64% of the sprint 
speed in matches, while central defenders, central mid-
fielders, and central forwards achieved in training 107%, 
100%, and 107%, respectively, than in matches. Dalen 
et  al. [7] showed that different speed thresholds, player 
load, accelerations and decelerations were significantly 
different according to player positions during matches. 
Even before, Di Salvo et  al. [6] showed that midfielders 
covered a higher TD than defenders and forwards during 
matches. Training sessions and matches together have 
great impact on the load experienced across the season. 
For instance, a recent study found differences in training 
load measures between playing positions [1, 5].

Beyond playing positions, soccer is a complex activity 
where other aspects such as the week-to-week and intra-
week variations could influence data interpretations [10]. 
To analyse such variations, there are several methods that 
could help coaches and practitioners to better manage 
and periodize load such as acute: chronic work-load ratio 
(ACWR), that could be divided in coupled or uncoupled 
versions [11] and exponentially weighted moving aver-
age (EWMA) [12]. The coupled version of ACWR shows 
a ratio between the acute load of the last week with the 
chronic load of the last 28 days [13, 14] while the uncou-
pled version ACWR does not consider the most recent 
week for the chronic load [11]. Finally, EWMA provides 
specific ponderations through the different acute and 
chronic loads across the different weeks [12].

When analysing such workload measures and player 
positions together, studies are scarce [4, 15–17]. Recently, 
it was found that defenders presented higher values of 
ACWR values than midfielders and strikers [17]. One 
also found that strikers covered higher running speed 
distances than the defenders and midfielders [15] while 
the other found higher values for central midfielders than 
the other positions [17]. Other study found that wide 
defenders and wide midfielders displayed higher acute 
load for high-speed running distance (HSRD) and num-
ber of sprints compared to the remaining positions [4]. 
In addition, it was found that midfielders presented the 
highest weekly acute load of high metabolic load dis-
tance, while central defenders had the lowest value [16].

Furthermore, and to the best knowledge of the authors, 
only two studies analyse ACWR ratios through internal 
load measures such as the session rated perceived exer-
tion and through external load measures such as the 
HSRD (> 19  km/h−1) and total distance (TD) covered. 
However, without considering the use of uncoupled 
ACWR or EWMA workload indexes [17, 18] and player 
positions [17].

Due to the limited research, especially in elite soccer 
teams, more evidence is needed to understand the vari-
ations across the season and between player positions. 
Therefore, the aim of this study was to describe and 
compare the in-season variations of ACWR coupled, 
uncoupled, and EWMA through session rating of per-
ceived exertion (s-RPE), TD, HSRD and sprint distance 
(SPRINT) across different periods of an elite soccer sea-
son (early-, mid-, and end-season) according to player 
positions.

Methods
Participants
Twenty elite players (age: 29.40 ± 4.35  years old; body 
mass: 75.00 ± 3.87  kg; height: 1.79 ± 0.05  m; body mass 
index: 23.38 ± 1.79  years) from an Asian First League 
team participated in this study. The participants were 
divided according their field position: defenders (DF, 
n = 5), midfielders (MF, n = 5), (WG, n = 5), and strikers 
(ST, n = 5).

To be included in the analysis, the following inclusion 
criteria was adopted based on previous studies: (i) play-
ers were part of the team from week 1 to week 20; and (ii) 
players were regular participation in 80% of weekly train-
ing sessions [19–21]. The players with with prolonged 
injury or a lack of participation in training for at least two 
consecutive weeks or the players that presented the ini-
tial physical fitness tests 2 standard deviations below the 
squad mean were not considered in the sample. Finally, 
goalkeepers were excluded from the study due to inten-
sity differences in training and matches [19–25].

Experimental design
The present study is a descriptive-longitudinal approach. 
Only data from regular training sessions was consid-
ered for analysis which means that data from resistance 
training, competitions, rehabilitation and/or recupera-
tion sessions was excluded. All sessions were planned by 
the coach and staff, and the researchers only controlled 
standardized the first and final 30  min of the sessions 
(i.e., before and after each training session). The ana-
lysed period ranged from the early-season (October 30, 
2017) and lasted until the end-season (March 18, 2018). 
The present in-season was organized into three periods: 
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early-season (weeks 1–7); mid-season (weeks 8–13); and 
end-season (weeks 14–20).

The number of the weeks and training sessions, num-
ber of competitive matches and total training duration 
(in average and total values) for player positions are pre-
sented in Table 1.

External load monitoring
During the in-season, all training and match sessions 
were monitored using GPS (GPSPORTS systems Pty Ltd, 
Model: SPI High-Performance Unit (HPU); Australian). 
We provided all procedures about this GPS in previous 
studies [19–21, 26–28]. In addition, this GPS presented 
high validity and reliability [29].

Internal load monitoring
Players were daily monitored through the CR-10 Borg’s 
scale [30], adapted by Foster et al. [31]. This scale showed 
validity and reliability to quantify the session intensity 
[16].

Thirty minutes after each session, players individually 
provided their RPE value using a tablet to avoid non-valid 
scores. The RPE values provided were also multiplied by 
the training duration, to obtain the s-RPE [31, 32]. Previ-
ously, all players were familiarized with RPE scale.

Calculations of training indexes
Through s-RPE, TD, HSRD and SPRINT, the following 
measures were calculated: (i) ACWR, using coupled for-
mula: dividing the acute workload (i.e., the 1-week rolling 
workload data), by the chronic workload (i.e., the rolling 
4-week average workload data [11]); (ii) ACWR using 
uncoupled formula: dividing the weekly acute workload 
(i.e., the accumulated daily loads during 1-week), by the 
weekly chronic load (i.e., average of the three preceding 
weeks); and (iii) exponentially weighted moving averages 

(EWMA) [12]. The EWMA for a given day was calculated 
as:

where �a is a value between 0 and 1 that represents the 
degree of decay, with higher values discounting older 
observations in the model at a faster rate. The �a is cal-
culated as:

where N is the chosen time decay constant, typically 
7 and 28  days for acute (‘fatigue’) and chronic (‘fitness’) 
loads, respectively [12, 33].

Statistical analysis
Descriptive statistics were used to characterize the sam-
ple. Shapiro–Wilk was used to test normality of results. 
Results were presented as mean ± standard devia-
tion (SD). All measures obtained a normal distribution 
(Shapiro–Wilk > 0.05), it was used a repeated measures 
ANOVA test and the Bonferroni post-hoc test to com-
pare measures for periods of the in-season and groups. 
The results are significant for a p ≤ 0.05. Hedge´s g effect 
size (ES) was also calculated to determine the magni-
tude of pairwise comparisons. The following criteria 
was used: The Hopkins threshold was utilized as follows: 
g ≤ 0.2, trivial; 0.2 < g ≤ 0.6, small; 0.6 < g ≤ 1.2, moder-
ate; 1.2 < g ≤ 2.0, large; 2.0 < g ≤ 4.0, very large; and g > 4.0, 
nearly perfect [34]. All data were analysed using IBM 
SPSS Statistics (version 22, IBM Corporation (SPSS Inc., 
Chicago, IL).

Results
Figures 1, 2, 3 and 4 show an overall view of the weekly 
average for ACWR coupled, ACWR uncoupled, and 
EWMA calculated through s-RPE, TD, HSRD, and 

EWMAtoday = Loadtoday × �a +
(

(1− �a)× EWMAyesterday

)

�a = 2/(N + 1)

Table 1  Description of the present study

DF, defenders; MF, midfielders; WG, wingers; ST, strikers;

Periods of the in-season Early-season Mid-season End-season

Number of weeks 7 7 6

Training sessions (N) 15 14 18

Training duration, average minutes, DF 62.82 73.18 78.54

Training duration, average minutes, MF 63.11 72.20 79.18

Training duration, average minutes, WG 60.35 73.32 76.26

Training duration, average minutes, ST 61.14 74.93 79.92

Training duration, total minutes, DF 1031.40 1273.00 1915.40

Training duration, total minutes, MF 1049.00 1285.00 1964.00

Training duration, total minutes, WG 978.20 1290.40 1890.60

Training duration, total minutes, ST 1014.20 1258.20 1837.40

Number of matches (N) 7 8 5
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Fig. 1  ACWR coupled (A) and ACWR uncoupled (B), and EWMA (C) variations calculated through the s-RPE across 20 weeks between players’ 
positions
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Fig. 2  ACWR coupled (A) and ACWR uncoupled (B), and EWMA (C) variations calculated through the TD across 20 weeks between players’ positions
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Fig. 3  ACWR coupled (A) and ACWR uncoupled (B), and EWMA (C) variations calculated through the HSRD across 20 weeks between players’ 
positions
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Fig. 4  ACWR coupled (A) and ACWR uncoupled (B), and EWMA (C) variations calculated through the SPRINT across 20 weeks between players’ 
positions
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SPRINT across different periods of an elite soccer 
season (early-, mid-, or end-season) between players’ 
positions.

The weekly changes in the aforementioned measures 
for s-RPE can be found in Fig. 1.

The weekly changes in the aforementioned measures 
for TD can be seen in Fig. 2.

The weekly changes in the aforementioned measures 
for HSRD can be seen in Fig. 3.

The weekly changes in the aforementioned measures 
for SPRINT can be found in Fig. 4.

Table  2 presents the differences between the early-
season, mid-season, and end-season for ACWR cou-
pled, ACWR uncoupled, and EWMA calculated through 

Table 2  Descriptive statistics (mean ± SD) of all measures in early-season, mid-season and end-season

Significant differences between periods are highlighted in bold (p ≤ 0.05)

AU, arbitrary units; EarlyS, early-season; MidS, mid-season; EndS, end-season; SD, standard deviation; ACWR, acute: chronic workload ratio; EWMA, exponentially 
weighted moving averages; CP, coupled; UCP, uncoupled; s-RPE, session rate of perceived exertion; TD, total distance; HSRD, high‐speed running distance
& small effect; *moderate effect; #large effect; §very large effect; £nearly perfect effect

Measures EarlyS
(Mean ± SD)

MidS
(Mean ± SD)

EndS
(Mean ± SD)

p Hedges’ g (95% CI)

ACWR CPs-RPE (AU) 0.94 ± 0.05 1.17 ± 0.04 0.93 ± 0.07 EarS vs. MidS: < 0.01 − 4.98 [− 6.37, − 3.78]£

EarS vs. EndS: 0.687 –

MidS vs. EndS: < 0.01 4.13 [3.07, 5.33]£

ACWR UCPs-RPE (AU) 0.94 ± 0.09 1.31 ± 0.06 1.16 ± 0.12 EarS vs. MidS: < 0.01 − 4.74 [− 6.08, − 3.58]£

EarS vs. EndS: < 0.01 − 2.03 [− 2.84, − 1.29]§

MidS vs. EndS: 0.001 1.55 [0.86, 2.29]#

EWMAs-RPE (AU) 0.99 ± 0.09 1.05 ± 0.13 1.24 ± 0.09 EarS vs. MidS: 0.001 − 0.53 [− 1.16, 0.09]&

EarS vs. EndS: < 0.01 − 2.72 [− 3.65, − 1.89]§

MidS vs. EndS: < 0.01 − 1.67 [− 2.42, − 0.96]#

ACWR CPTD (AU) 0.87 ± 0.04 1.03 ± 0.06 0.88 ± 0.04 EarS vs. MidS: < 0.01 − 3.08 [− 4.07, − 2.19]§

EarS vs. EndS: 0.534 –

MidS vs. EndS: < 0.01 2.88 [2.03, 3.84]§

ACWR UCPTD (AU) 0.82 ± 0.49 1.07 ± 0.11 1.04 ± 0.06 EarS vs. MidS: < 0.01 − 0.69 [− 1.34, − 0.06]*

EarS vs. EndS: < 0.01 − 0.62 [− 1.26, 0.01]*

MidS vs. EndS: 0.139 –

EWMATD (AU) 0.85 ± 0.03 0.74 ± 0.05 0.78 ± 0.08 EarS vs. MidS: < 0.01 2.61 [1.79, 3.52]§

EarS vs. EndS: 0.016 1.14 [0.48, 1.83]*

MidS vs. EndS: 0.065 –

ACWR CPHSRD (AU) 0.93 ± 0.06 1.30 ± 0.13 0.98 ± 0.03 EarS vs. MidS: < 0.01 − 3.58 [− 4.67, − 2.62]§

EarS vs. EndS: < 0.01 − 1.03 [− 1.71, − 0.38]*

MidS vs. EndS: < 0.01 3.32 [2.40, 4.36]§

ACWR UCPHSRD (AU) 0.99 ± 0.14 1.75 ± 0.41 1.27 ± 0.09 EarS vs. MidS: < 0.01 − 2.43 [− 3.30, − 1.64]§

EarS vs. EndS: < 0.01 − 2.33 [− 3.19, − 1.55]§

MidS vs. EndS: < 0.01 1.59 [0.89, 2.33]#

EWMAHSRD (AU) 1.07 ± 0.14 1.42 ± 0.17 1.72 ± 0.08 EarS vs. MidS: < 0.01 − 2.20 [− 3.04, − 1.44]§

EarS vs. EndS: < 0.01 − 5.59 [− 7.11, − 4.27]£

MidS vs. EndS: < 0.01 − 2.21 [− 3.05, − 1.45]§

ACWR CPSPRINT (AU) 0.96 ± 0.05 1.09 ± 0.07 0.88 ± 0.04 EarS vs. MidS: < 0.01 − 2.09 [− 2.91, − 1.35]§

EarS vs. EndS: < 0.01 1.73 [1.02, 2.49]#

MidS vs. EndS: < 0.01 3.61 [2.64, 4.71]§

ACWR UCPSPRINT (AU) 1.12 ± 0.18 1.22 ± 0.25 1.05 ± 0.08 EarS vs. MidS: 0.211 –

EarS vs. EndS: 0.134 –

MidS vs. EndS: 0.018 0.89 [0.26, 1.56]*

EWMASPRINT (AU) 1.18 ± 0.15 1.18 ± 0.15 1.16 ± 0.11 EarS vs. MidS: 0.904 –

EarS vs. EndS: 0.613 –

MidS vs. EndS: 0.638 –
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s-RPE, TD, HSRD, and SPRINT. To simplify the descrip-
tion, only large to nearly perfect effect sizes will be 
described here.

The ACWR coupleds-RPE shows a significant higher 
value in mid-season than early-season [nearly perfect 
effect] and shows a significant higher value in mid-sea-
son than end-season [nearly perfect effect]. The ACWR 
uncoupleds-RPE presents a significant higher value in 
mid-season than early-season [nearly perfect effect], 
shows a significant higher value in end-season than early-
season [very large effect], and shows a significant higher 
value in mid-season than end-season [large effect]. The 
EWMAs-RPE shows a significant higher value in end-
season than early-season [very large effect] and shows a 
significant higher value in end-season than mid-season 
[large effect].

The ACWR coupledTD shows a significant higher value 
in mid-season than early-season [very large effect] and 
shows a significant higher value in mid-season than end-
season [very large effect]. The EWMATD shows a signifi-
cant higher value in early-season than mid-season [very 
large effect].

The ACWR coupledHSRD presents a significant higher 
value in mid-season than early-season [very large 
effect] and shows a significant higher value in mid-
season than end-season [very large effect]. The ACWR 
uncoupledHSRD shows a significant higher value in mid-
season than early-season [very large effect] and shows a 
significant higher value in end-season than early-season 
[very large effect]. The EWMAHSRD shows a significant 
higher value in mid-season than early-season [very large 
effect], presents a significant higher value in end-season 
than early-season [nearly perfect effect], and shows a 
significant higher value in end-season than mid-season 
[very large effect].

Finally, the ACWR coupledSPRINT presents a significant 
higher value in mid-season than early-season [very large 
effect], shows a significant higher value in early-season 
than end-season [large effect], and presents a significant 
higher value in mid-season than end-season [very large 
effect].

Table  3 presents the differences between player posi-
tions for ACWR coupled, ACWR uncoupled, and EWMA 
calculated through s-RPE, TD, HSRD, and SPRINT dur-
ing in-season. There were no meaningful differences 
for EWMATD, EWMAHSRD and ACWR coupledSPRINT. 
To simplify the description, only large to nearly perfect 
effect sizes will be described here.

The ACWR coupleds-RPE shows a significant higher 
value in WG than ST [large effect]. The ACWR 
uncoupleds-RPE presents a significant higher value in DF 
than ST [very large effect] and shows a significant higher 
value in WG than ST [large effect]. The EWMAs-RPE 

shows a significant higher value in MF than ST [very 
large effect], shows a significant higher value in end-sea-
son than mid-season [large effect], and presents a signifi-
cant higher value in WG than ST [large effect].

The ACWR coupledTD shows a significant higher value 
in ST than DF [very large effect], shows a significant 
higher value in WG than MF [large effect], and shows a 
significant higher value in ST than MF [very large effect]. 
The ACWR uncoupledTD presents a significant higher 
value in WG than MF [large effect] and shows a signifi-
cant higher value in ST than MF [nearly perfect effect].

The ACWR coupledHSRD shows a significant higher 
value in ST than DF [very large effect]. The ACWR 
uncoupledHSRD presents a significant higher value in ST 
than DF [very large effect] and shows a significant higher 
value in ST than MF [large effect].

The ACWR coupledSPRINT presents a significant higher 
value in ST than DF [very large effect], shows a signifi-
cant higher value in ST than MF [large effect], and shows 
a significant higher value in ST than WG [large effect]. 
Finally, EWMASPRINT shows a significant higher value in 
ST than DF [large effect].

Discussion
The main purpose of the present study was to compare 
the acute:chronic workload ratio (ACWR), exponentially 
weighted moving average (EWMA) through session rat-
ing of perceived exertion (s-RPE), total distance (TD), 
high-speed running distance (HSRD) and sprint distance 
(SPRINT) in three different periods of an elite soccer 
season according to player positions. To the best of the 
author’s knowledge, this is the first study to describe and 
compare the in-season variations of workload, includ-
ing ACWR coupled, ACWR uncoupled and EWMA, 
between player positions in an elite soccer team. The 
results showed some significant differences in variations 
of workload measures in three different periods of a sea-
son according to player positions. Recently, several stud-
ies have increasingly provided information about internal 
and external training load monitoring, by using the accel-
erometer and global positioning system monitors in elite 
team sports especially soccer [18, 35–37]. Therefore, 
these systems help coaches and sports scientists to pre-
vent the risk of injury [38], to increase player and team 
performance [39], and to observe variations of workload 
distribution [40] according to player positions in profes-
sional soccer teams.

Regarding the variations of ACWR coupled, ACWR 
uncoupled, and EWMA calculated through s-RPE 
between player positions, there were significant differ-
ences in all variables. One of the major findings of the 
study was that the highest values for ACWR coupleds-RPE 
(1.81 arbitrary units (AU)), ACWR uncoupleds-RPE (2.49 
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Table 3  Descriptive statistics (mean ± SD) of all measures between players’ positions

Measures DF
(Mean ± SD)

MF
(Mean ± SD)

WG
(Mean ± SD)

ST
(Mean ± SD)

p Hedges’ g (95% CI)

ACWR CPs-RPE (AU) 1.06 ± 0.02 1.06 ± 0.02 1.07 ± 0.03 1.02 ± 0.03 DF vs. MF: 1.000 –

DF vs. WG: 1.000 –

DF vs. ST: 0.099 –

MF vs. WG: 1.000 –

MF vs. ST: 0.099 –

WG vs. ST:0.023 1.51 [0.15, 3.11]#

ACWR UCPs-RPE (AU) 1.16 ± 0.03 1.14 ± 0.03 1.16 ± 0.05 1.08 ± 0.03 DF vs. MF: 1.000 –

DF vs. WG: 1.000 –

DF vs. ST: 0.010 2.41 [0.84, 4.41]§

MF vs. WG: 1.000 –

MF vs. ST: 0.085 –

WG vs. ST: 0.015 1.75 [0.35, 3.46]#

EWMAs-RPE (AU) 1.10 ± 0.71 1.14 ± 0.09 1.16 ± 0.12 0.96 ± 0.05 DF vs. MF: 1.000 –

DF vs. WG: 1.000 –

DF vs. ST: 0.116 –

MF vs. WG: 1.000 –

MF vs. ST: 0.025 2.23 [0.72, 4.15]§

WG vs. ST: 0.011 1.97 [0.51, 3.76]#

ACWR CPTD (AU) 0.95 ± 0.01 0.95 ± 0.01 0.98 ± 0.02 0.99 ± 0.01 DF vs. MF: 1.000 –

DF vs. WG: 0.091 –

DF vs. ST: 0.003 − 3.61 [− 6.25, − 1.68]§

MF vs. WG: 0.029 − 1.71 [− 3.40, − 0.32]#

MF vs. ST: 0.001 − 3.61 [− 6.25, − 1.68]§

WG vs. ST: 0.732 –

ACWR UCPTD (AU) 0.95 ± 0.12 0.95 ± 0.01 0.99 ± 0.03 1.01 ± 0.01 DF vs. MF: 1.000 –

DF vs. WG: 0.017 − 0.41 [− 1.70, 0.82]&

DF vs. ST: < 0.01 − 0.64 [− 1.97, 0.60]*

MF vs. WG: 0.011 − 1.62 [− 3.26, − 0.24]#

MF vs. ST: < 0.010 − 5.42 [− 9.11, − 2.84]£

WG vs. ST: 0.243 –

EWMATD (AU) 0.80 ± 0.02 0.79 ± 0.01 0.78 ± 0.01 0.81 ± 0.22 DF vs. MF: 0.804 –

DF vs. WG: 0.430 –

DF vs. ST: 1.000 –

MF vs. WG: 1.000 –

MF vs. ST: 0.220 –

WG vs. ST: 0.109 –

ACWR CPHSRD (AU) 1.03 ± 0.01 1.05 ± 0.01 1.06 ± 0.03 1.08 ± 0.01 DF vs. MF: 1.000 –

DF vs. WG: 0.134 –

DF vs. ST: 0.019 − 4.52 [− 7.67, − 2.27]£

MF vs. WG: 1.000 –

MF vs. ST: 0.250 –

WG vs. ST: 1.000 –

ACWR UCPHSRD (AU) 1.24 ± 0.04 1.27 ± 0.05 1.32 ± 0.09 1.44 ± 0.12 DF vs. MF: 1.000 –

DF vs. WG: 0.917 –

DF vs. ST: 0.010 − 2.02 [− 3.84, − 0.56]§

MF vs. WG: 1.000 –

MF vs. ST: 0.040 − 1.67 [− 3.34, − 0.29]#

WG vs. ST: 0.216 –
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AU) and EWMAs-RPE (1.49 AU) were observed in end-
season for the midfielders (MF) which was different from 
a recent study [17] that found higher values for central 
defenders although without considering the uncou-
pled ACWR and EWMA calculations. Furthermore, 
the lowest values for ACWR coupleds-RPE (0.50 AU) and 
ACWR uncoupleds-RPE (0.43 AU) were found in early-
season for the defenders (DF), while the lowest score in 
EWMAs-RPE (0.72 AU) was recorded in mid-season for 
the DF. These findings are in line with previous studies 
monitoring workload, supporting that overall ACWR in 
trainings should be maintained within the ‘sweet spot’ 
zone of 0.8–1.3 to minimize injury risk for players during 
the pre-season and in-season periods [11, 17, 41]. Our 
results also contrast with some previous study results 
[15, 18, 35]. Uday et al. [15] showed that the DF had the 
lowest value in ACWR (1.09 AU) with professional play-
ers from a team in First Portuguese League. Such differ-
ences between findings might be explained by the tactic 

strategies of the teams, length of the season and calcula-
tion system of ACWR.

Quantifying training and match external loading vari-
ations week to week or throughout a season in profes-
sional soccer teams is as important as the determination 
of internal loading to reduce injury risk and to regulate 
the training sessions loading according to playing posi-
tions and seasons. In the present study, the external load-
ing variations of the professional team (TD, HSRD and 
SPRINT) were monitored by GPS throughout a season. 
Another important finding of the study was that the high-
est values for ACWR coupledTD (1.61 AU) and ACWR 
uncoupledTD (2.01 AU) were observed in mid-season for 
the MF, while the highest value in EWMATD (1.03 AU) 
was recorded in end-season for the DF. A recent study 
found higher and lower values for strikers during the 
first part of the in-season, respectively [17]. This results 
are in line with earlier study [17], which showed a sig-
nificant differences between playing positions in different 

Table 3  (continued)

Measures DF
(Mean ± SD)

MF
(Mean ± SD)

WG
(Mean ± SD)

ST
(Mean ± SD)

p Hedges’ g (95% CI)

EWMAHSRD (AU) 1.35 ± 0.05 1.41 ± 0.03 1.42 ± 0.15 1.42 ± 0.17 DF vs. MF: 1.000 –

DF vs. WG: 1.000 –

DF vs. ST: 1.000 –

MF vs. WG: 1.000 –

MF vs. ST: 1.000 –

WG vs. ST: 1.000 –

ACWR CPSPRINT (AU) 0.96 ± 0.08 0.97 ± 0.02 0.96 ± 0.02 0.97 ± 0.02 DF vs. MF: 1.000 –

DF vs. WG: 1.000 –

DF vs. ST: 0.066 –

MF vs. WG: 1.000 –

MF vs. ST: 0.341 –

WG vs. ST: 0.153 –

ACWR UCPSPRINT (AU) 1.06 ± 0.02 1.09 ± 0.02 1.12 ± 0.05 1.23 ± 0.10 DF vs. MF: 1.000 –

DF vs. WG: 0.858 –

DF vs. ST: 0.002 − 2.13 [− 3.99, − 0.64]§

MF vs. WG: 1.000 –

MF vs. ST: 0.009 − 1.75 [− 3.46, − 0.35]#

WG vs. ST: 0.038 − 1.26 [− 2.77, 0.05]#

EWMASPRINT (AU) 1.10 ± 0.03 1.16 ± 0.04 1.13 ± 0.11 1.29 ± 0.15 DF vs. MF: 1.000 –

DF vs. WG: 1.000 –

DF vs. ST: 0.040 − 1.59 [− 3.22, − 0.22]#

MF vs. WG: 1.000

MF vs. ST: 0.308 –

WG vs. ST: 0.126 –

Significant differences between player positions are highlighted in bold (p ≤ 0.05)

AU, arbitrary units; DF, defenders; MF, midfielders; WG, wingers; ST, strikers; SD, standard deviation; ACWR, acute: chronic workload ratio; EWMA, exponentially 
weighted moving averages; CP, coupled; UCP, uncoupled; s-RPE, session rate of perceived exertion; TD, total distance; HSRD, high‐speed running distance
& Small effect; *moderate effect; #large effect; §very large effect; £nearly perfect effect
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periods of an elite soccer season. These important dif-
ferences provide new empirical evidence for coaches 
and sports scientists about how to reorganize and regu-
late the mesocycles and microcycles according to player 
positions in an elite soccer team. Similarly, the highest 
values for ACWR coupledSPRINT (1.77 AU) and ACWR 
uncoupledSPRINT (3.01 AU) were observed in early-season 
for the MF, while the highest value in EWMASPRINT (1.49 
AU) was recorded in early-season for the DF. Contrast to 
these results, the highest values for ACWR coupledSPRINT 
(2.59 AU), ACWR uncoupledSPRINT (5.77 AU) and 
EWMAHSRD (1.94 AU) were observed in mid-season 
for the DF. Several studies have recently investigated 
the competitive soccer players’ external load variations 
(related with distance-based measures) throughout a sea-
son, by using the accelerometry-based devices [16, 17, 
42]. While many studies found small differences in TD, 
HSRD and SPRINT between player positions (especially 
between MF and the others) according to seasons [15, 
16, 37], our results demonstrated higher differences in 
distance-based measures between player positions. We 
think that 2 main potential factors, such as the number 
of field positions, and tactical viewpoint, may explain the 
differences between the findings of our study and those of 
previous studies. From a practical point of view, in mod-
ern team sports especially soccer, the MF act as a bridge 
between DF and FW to build team strategy [43]. There-
fore, increased team interactions with more distance cov-
ered and more running-based activities at high-intensity 
may affect tactical organizations and team performance.

The present study has some limitations that need to be 
acknowledged. This study was conducted on an elite male 
soccer team and presents one of the typical limitations 
which is the relatively small sample size. Therefore, our 
study results may not generalize with playing in amateur 
level and female soccer players. Another limitation is the 
lack of potentially important time-motion characteristics 
such as decelerations and accelerations covered during 
training and match play across the different periods of 
the season. Finally, there were some possible contextual 
factors, such as the match result [23, 44, 45] and location 
[24, 45] that could influence the results and should be 
considered for future studies. The final limitation of this 
study was the lack of internal and external load moni-
toring in resistance training and competitions sessions 
which should be considered in future studies.

However, the main strength of this study is the infor-
mation regarding the in-season variations across the 
season and between player positions in an elite soccer 
team, describing relevant data for sport scientists and 
coaches. Considering the present study results, future 
studies should aim to investigate the in-season varia-
tions of acute and chronic workload in different sex and 

competitive level soccer players with larger sample sizes 
or more teams. Due to the limited research, especially 
in elite soccer teams, more evidence is needed to under-
stand the variations across the season and between player 
positions. We believe that coaches and sports scientists 
need detailed empirical information from the further 
studies to better develop training strategies to maximize 
performance of the players for competitions.

Conclusion
In summary, this study presents detailed information 
about the variations of acute and chronic workload 
ratio and external loading according to periods of in-
season and player positions in an elite soccer team. The 
results demonstrated that the variables’ values observed 
in mid-season were meaningfully higher compared 
with early-season except for EWMASPRINT. Overall, the 
wingers and strikers tended to have greater scores in all 
measurements compared to the defenders and midfield-
ers according to player positions. From a practical point 
of view, coaches and sports scientists should take into 
account training load and the management of load for 
their players to observe variations of the indexes, to pre-
vent the potential risk of injury and to increase players 
and team performance according to player positions in 
their soccer teams across the season. Furthermore, these 
important results might be beneficial for coaches and 
sports scientists to constitute optimal periodization in 
professional soccer teams..

Abbreviations
ACWR​: Acute:chronic workload ratio; EWMA: Exponentially weighted moving 
average; s-RPE: Session rating of perceived exertion; TD: Total distance; HSRD: 
High-speed running distance; SPRINT: Sprint distance; GPS: Global positioning 
system units; DF: Defenders; MF: Midfielders; WG: Wingers; ST: Strikers; HPU: 
High-Performance Unit; ES: Effect size; SD: Standard deviation; AU: Arbitrary 
units.

Acknowledgements
The authors gratefully the participants in this study.

Author contributions
HN, ADM, and RO contributions to the conception, measured and design; 
HN, EA, and RO acquisition of data; HN, EA, and RO analysis and interpretation 
of data; HN, EA, ADM, and RO drafting the manuscript. HN, EA, ADM, and RO 
revising critically. All authors read and approved the final manuscript.

Funding
No funding was obtained for this study.

Availability of data and materials
The datasets generated during and analyzed during the current study are 
available from the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
To engage in this study, all participants signed an informed consent form 
was obtained. The study has approved by the Ardabil University of Medical 



Page 13 of 14Nobari et al. BMC Sports Science, Medicine and Rehabilitation           (2022) 14:51 	

Sciences Ethics Committee prior to its start, and the Helsinki Declaration was 
used to follow the recommendations of Human Ethics in Research.

Consent for publication
Not applicable.

Competing interests
The authors declare that they have no competing interests.

Author details
1 Sports Scientist, Sepahan Football Club, Isfahan, Iran. 2 Department of Exercise 
Physiology, Faculty of Educational Sciences and Psychology, University 
of Mohaghegh Ardabili, Ardabil, Iran. 3 Department of Physiology, School 
of Sport Sciences, University of Extremadura, 10003 Cáceres, Spain. 4 Faculty 
of Sport Sciences, Tokat Gaziosmanpasa University, 60250 Tokat, Turkey. 
5 Sports Science School of Rio Maior–Polytechnic Institute of Santarém, 
2040‑413 Rio Maior, Portugal. 6 Comprehensive Health Research Centre 
(CHRC), Departamento de Desporto E Saúde, Escola de Saúde E Desenvolvi-
mento Humano, Universidade de Évora, Largo Dos Colegiais, 7000 Évora, 
Portugal. 7 Research Centre in Sport Sciences, Health Sciences and Human 
Development, 5001‑801 Vila Real, Portugal. 8 Life Quality Research Centre, 
2040‑413 Rio Maior, Portugal. 

Received: 21 November 2021   Accepted: 21 March 2022

References
	1.	 Miguel M, Oliveira R, Loureiro N, García-Rubio J, Ibáñez SJ. Load measures 

in training/match monitoring in soccer: a systematic review. Int J Environ 
Res Public Health. 2021;18:1–26. https://​doi.​org/​10.​3390/​ijerp​h1805​2721.

	2.	 Vanrenterghem J, Nedergaard NJ, Robinson MA, Drust B. Training load 
monitoring in team sports: a novel framework separating physiological 
and biomechanical load-adaptation pathways. Sport Med. 2017;47:2135–
42. https://​doi.​org/​10.​1007/​s40279-​017-​0714-2.

	3.	 Oliveira R, Brito JP, Moreno-Villanueva A, Nalha M, Rico-González M, 
Clemente FM. Reference values for external and internal training intensity 
monitoring in young male soccer players: a systematic review. Healthc. 
2021;9:1567. https://​doi.​org/​10.​3390/​healt​hcare​91115​67.

	4.	 Clemente FM, Silva R, Castillo D, Los Arcos A, Mendes B, Afonso J. Weekly 
load variations of distance-based variables in professional soccer players: 
a full-season study. Int J Environ Res Public Health. 2020;17:3300. https://​
doi.​org/​10.​3390/​ijerp​h1709​3300.

	5.	 Baptista I, Johansen D, Figueiredo P, Rebelo A, Pettersen SA. Positional dif-
ferences in peak- and accumulated- training load relative to match load 
in elite football. Sports. 2019;8:1. https://​doi.​org/​10.​3390/​sport​s8010​001.

	6.	 Di Salvo V, Baron R, Tschan H, Calderon Montero FJ, Bachl N, Pigozzi F. 
Performance characteristics according to playing position in elite soccer. 
Int J Sports Med. 2007;28:222–7. https://​doi.​org/​10.​1055/s-​2006-​924294.

	7.	 Dalen T, Jørgen I, Gertjan E, Geir Havard H, Ulrik W. Player load, accelera-
tion, and deceleration during forty-five competitive matches of elite 
soccer. J Strength Cond Res. 2016;30:351–9. https://​doi.​org/​10.​1519/​JSC.​
00000​00000​001063.

	8.	 Oliveira R, Brito JP, Martins A, Mendes B, Marinho DA, Ferraz R, et al. 
In-season internal and external training load quantification of an elite 
European soccer team. PLoS ONE. 2019;14: e0209393. https://​doi.​org/​10.​
1371/​journ​al.​pone.​02093​93.

	9.	 Malone JJ, Di Michele R, Morgans R, Burgess D, Morton JP, Drust B. Sea-
sonal training-load quantification in Elite English Premier League Soccer 
Players. Int J Sports Physiol Perform. 2015;10:489–97. https://​doi.​org/​10.​
1123/​ijspp.​2014-​0352.

	10.	 Clemente F, Silva R, Arslan E, Aquino R, Castillo D, Mendes B. The effects 
of congested fixture periods on distance-based workload indices: a 
full-season study in professional soccer players. Biol Sport. 2021;38:37–44. 
https://​doi.​org/​10.​5114/​biols​port.​2020.​97068.

	11.	 Windt J, Gabbett TJ. Is it all for naught? What does mathematical coupling 
mean for acute:chronic workload ratios? Br J Sports Med. 2019;53:988–90. 
https://​doi.​org/​10.​1136/​bjspo​rts-​2017-​098925.

	12.	 Williams S, West S, Cross MJ, Stokes KA. Better way to determine the 
acute:chronic workload ratio? Br J Sports Med. 2017;51:209–10. https://​
doi.​org/​10.​1136/​bjspo​rts-​2016-​096589.

	13.	 Hulin BT, Gabbett TJ, Lawson DW, Caputi P, Sampson JA. The 
acute:chronic workload ratio predicts injury: high chronic workload 
may decrease injury risk in elite rugby league players. Br J Sports Med. 
2016;50:231–6. https://​doi.​org/​10.​1136/​bjspo​rts-​2015-​094817.

	14.	 Gabbett TJ, Hulin BT, Blanch P, Whiteley R. High training workloads 
alone do not cause sports injuries: how you get there is the real 
issue. Br J Sports Med. 2016;50:444–5. https://​doi.​org/​10.​1136/​bjspo​
rts-​2015-​095567.

	15.	 Hasan UC, Silva R, Clemente F. Weekly variations of biomechanical load 
variables in professional soccer players: comparisons between playing 
positions. Hum Mov. 2021;22:19–34. https://​doi.​org/​10.​5114/​hm.​2021.​
100321.

	16.	 Clemente F, Silva R, Ramirez-Campillo R, Afonso J, Mendes B, Chen Y-S. 
Accelerometry-based variables in professional soccer players: compari-
sons between periods of the season and playing positions. Biol Sport. 
2020;37:389–403. https://​doi.​org/​10.​5114/​biols​port.​2020.​96852.

	17.	 Oliveira R, Martins A, Nobari H, Nalha M, Mendes B, Clemente FM, et al. 
In—season monotony, strain and acute/chronic workload of perceived 
exertion, global positioning system running based variables between 
player positions of a top elite soccer team. BMC Sports Sci Med Rehabil. 
2021. https://​doi.​org/​10.​1186/​s13102-​021-​00356-3.

	18.	 Oliveira R, Vieira LHP, Martins A, Brito JP, Nalha M, Mendes B, et al. In-
season internal and external workload variations between starters and 
non-starters—a case study of a top elite European soccer team. Med. 
2021;57:645. https://​doi.​org/​10.​3390/​medic​ina57​070645.

	19.	 Nobari H, Praça GM, Clemente FM, Pérez-Gómez J, Carlos Vivas J, Ahmadi 
M. Comparisons of new body load and metabolic power average 
workload indices between starters and non-starters: a full-season study 
in professional soccer players. Proc Inst Mech Eng Part P J Sport Eng 
Technol. 2021;235:105–13.

	20.	 Nobari H, Oliveira R, Brito JP, Pérez-gómez J, Clemente FM, Ardigò LP. 
Comparison of running distance variables and body load in competitions 
based on their results: a full-season study of professional soccer players. 
Int J Environ Res Public Health. 2021;18:1–11. https://​doi.​org/​10.​3390/​
ijerp​h1804​2077.

	21.	 Nobari H, Oliveira R, Clemente FM, Adsuar JC, Pérez-Gómez J, Carlos-Vivas 
J, et al. Comparisons of accelerometer variables training monotony and 
strain of starters and non-starters: a full-season study in professional soc-
cer players. Int J Environ Res Public Health. 2020;17:1–14. https://​doi.​org/​
10.​3390/​ijerp​h1718​6547.

	22.	 Nobari H, Sögüt M, Oliveira R, Pérez-Gómez J, Suzuki K, Zouhal H. 
Wearable inertial measurement unit to accelerometer-based training 
monotony and strain during a soccer season: a within-group study for 
starters and non-starters. Int J Environ Res Public Health. 2021;18:8007. 
https://​doi.​org/​10.​3390/​ijerp​h1815​8007.

	23.	 Oliveira R, Brito JP, Loureiro N, Padinha V, Ferreira B, Mendes B. Does the 
distribution of the weekly training load account for the match results of 
elite professional soccer players? Physiol Behav. 2020;225: 113118. https://​
doi.​org/​10.​1016/j.​physb​eh.​2020.​113118.

	24.	 Oliveira R, Brito JP, Loureiro N, Padinha V, Nobari H, Mendes B. Will next 
match location influence external and internal training load of a top-class 
elite professional European soccer team? Int J Environ Res Public Health. 
2021;18:5229. https://​doi.​org/​10.​3390/​ijerp​h1810​5229.

	25.	 Clemente FM, Silva R, Chen YS, Aquino R, Praça GM, Paulis JC, et al. 
Accelerometry-workload indices concerning different levels of participa-
tion during congested fixture periods in professional soccer: a pilot study 
conducted over a full season. Int J Environ Res Public Health. 2021;18:1–9.

	26.	 Akyildiz Z, Nobari H, González-Fernández FT, Praça GM, Sarmento H, Guler 
AH, et al. Variations in the physical demands and technical performance 
of professional soccer teams over three consecutive seasons. Sci Rep. 
2022;12:2412. https://​doi.​org/​10.​1038/​s41598-​022-​06365-7.

	27.	 Garcia GR, Gonçalves LGC, Clemente FM, Nakamura FY, Nobari H, Bedo 
BLS, et al. Effects of congested fixture and matches’ participation on 
internal and external workload indices in professional soccer players. Sci 
Rep. 2022;12:1864.

	28.	 Nobari H, Brito JP, Pérez-Gómez J, Oliveira R. Variability of external 
intensity comparisons between official and friendly soccer matches in 

https://doi.org/10.3390/ijerph18052721
https://doi.org/10.1007/s40279-017-0714-2
https://doi.org/10.3390/healthcare9111567
https://doi.org/10.3390/ijerph17093300
https://doi.org/10.3390/ijerph17093300
https://doi.org/10.3390/sports8010001
https://doi.org/10.1055/s-2006-924294
https://doi.org/10.1519/JSC.0000000000001063
https://doi.org/10.1519/JSC.0000000000001063
https://doi.org/10.1371/journal.pone.0209393
https://doi.org/10.1371/journal.pone.0209393
https://doi.org/10.1123/ijspp.2014-0352
https://doi.org/10.1123/ijspp.2014-0352
https://doi.org/10.5114/biolsport.2020.97068
https://doi.org/10.1136/bjsports-2017-098925
https://doi.org/10.1136/bjsports-2016-096589
https://doi.org/10.1136/bjsports-2016-096589
https://doi.org/10.1136/bjsports-2015-094817
https://doi.org/10.1136/bjsports-2015-095567
https://doi.org/10.1136/bjsports-2015-095567
https://doi.org/10.5114/hm.2021.100321
https://doi.org/10.5114/hm.2021.100321
https://doi.org/10.5114/biolsport.2020.96852
https://doi.org/10.1186/s13102-021-00356-3
https://doi.org/10.3390/medicina57070645
https://doi.org/10.3390/ijerph18042077
https://doi.org/10.3390/ijerph18042077
https://doi.org/10.3390/ijerph17186547
https://doi.org/10.3390/ijerph17186547
https://doi.org/10.3390/ijerph18158007
https://doi.org/10.1016/j.physbeh.2020.113118
https://doi.org/10.1016/j.physbeh.2020.113118
https://doi.org/10.3390/ijerph18105229
https://doi.org/10.1038/s41598-022-06365-7


Page 14 of 14Nobari et al. BMC Sports Science, Medicine and Rehabilitation           (2022) 14:51 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

professional male players. Healthcare. 2021;9:1708. https://​doi.​org/​10.​
3390/​healt​hcare​91217​08.

	29.	 Tessaro E, Williams JH. Validity and reliability of a 15 Hz GPS device for 
court-based sports movements. Sport Perform Sci Reports. 2018;29:1–4.

	30.	 Borg G. Perceived exertion as an indicator of somatic stress. Scand J 
Rehabil Med. 1970;2:92–8.

	31.	 Foster C, Florhaug JA, Franklin J, Gottschall L, Hrovatin LA, Parker S, et al. 
A new approach to monitoring exercise training. J strength Cond Res. 
2001;15:109–15.

	32.	 Foster C, Hector LL, Welsh R, Schrager M, Green MA, Snyder AC. Effects of 
specific versus cross-training on running performance. Eur J Appl Physiol 
Occup Physiol. 1995;70:367–72.

	33.	 Murray NB, Gabbett TJ, Townshend AD, Blanch P. Calculating 
acute:chronic workload ratios using exponentially weighted moving 
averages provides a more sensitive indicator of injury likelihood than roll-
ing averages. Br J Sports Med. 2017;51:749–54. https://​doi.​org/​10.​1136/​
bjspo​rts-​2016-​097152.

	34.	 Hopkins WG, Marshall SW, Batterham AM, Hanin J. Progressive statistics 
for studies in sports medicine and exercise science. Med Sci Sport Exerc. 
2009;41:3–13.

	35.	 Nobari H, Chen Y-S, Kargarfard M, Clemente FM, Carlos-Vivas J, Pérez-
Gómez J. Comparisons of accelerometer variables acute, chronic and 
acute/chronic workload ratio between starters and non-starters: a full-
season study in professional soccer players. Sci Sports. 2021.

	36.	 Rago V, Brito J, Figueiredo P, Krustrup P, Rebelo A. Relationship between 
external load and perceptual responses to training in professional foot-
ball: effects of quantification method. Sports. 2019;7:1–12.

	37.	 Silva R, Ceylan HI, Badicu G, Nobari H, Clemente FM. Match-to-match vari-
ations in external load measures during congested weeks in professional 
male soccer players. J Men’s Health. 2021.

	38.	 Ehrmann FE, Duncan CS, Sindhusake D, Franzsen WN, Greene DA. GPS 
and injury prevention in professional soccer. J Strength Cond Res. 
2016;30:360–7.

	39.	 Stevens TGA, de Ruiter CJ, Twisk JWR, Savelsbergh GJP, Beek PJ. Quanti-
fication of in-season training load relative to match load in professional 
Dutch Eredivisie football players. Sci Med Footb. 2017;1:117–25. https://​
doi.​org/​10.​1080/​24733​938.​2017.​12821​63.

	40.	 Jeong T-S, Reilly T, Morton J, Bae S-W, Drust B. Quantification of the physi-
ological loading of one week of “pre-season” and one week of “in-season” 
training in professional soccer players. J Sports Sci. 2011;29:1161–6. 
https://​doi.​org/​10.​1080/​02640​414.​2011.​583671.

	41.	 Gabbett TJ. The training-injury prevention paradox: should athletes be 
training smarter and harder? Br J Sports Med. 2016;50:273–80.

	42.	 Gómez-Carmona CD, Bastida-Castillo A, Ibáñez SJ, Pino-Ortega J. Acceler-
ometry as a method for external workload monitoring in invasion team 
sports A systematic review. PLoS ONE. 2020;15: e0236643.

	43.	 Clemente FM, Martins FML, Wong DP, Kalamaras D, Mendes RS. Midfielder 
as the prominent participant in the building attack: a network analysis 
of national teams in FIFA world cup 2014. Int J Perform Anal Sport. 
2015;15:704–22.

	44.	 Nobari H, Banoocy NK, Oliveira R, Pérez-Gómez J. Win, draw, or lose? 
Global positioning system-based variables’ effect on the match outcome: 
a full-season study on an Iranian Professional Soccer Team. Sensors 
(Basel). 2021;21:5695. https://​doi.​org/​10.​3390/​s2117​5695.

	45.	 Owen AL, Lago-Penñs C, Gómez MÁ, Mendes B, Dellal A. Analysis of a 
training mesocycle and positional quantification in elite European soccer 
players. Int J Sport Sci Coach. 2017;12:665–76. https://​doi.​org/​10.​1177/​
17479​54117​727851.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

View publication statsView publication stats

https://doi.org/10.3390/healthcare9121708
https://doi.org/10.3390/healthcare9121708
https://doi.org/10.1136/bjsports-2016-097152
https://doi.org/10.1136/bjsports-2016-097152
https://doi.org/10.1080/24733938.2017.1282163
https://doi.org/10.1080/24733938.2017.1282163
https://doi.org/10.1080/02640414.2011.583671
https://doi.org/10.3390/s21175695
https://doi.org/10.1177/1747954117727851
https://doi.org/10.1177/1747954117727851
https://www.researchgate.net/publication/359510903

	Are acute:chronic workload ratios of perceived exertion and running based variables sensible to detect variations between player positions over the season? A soccer team study
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusions: 

	Background
	Methods
	Participants
	Experimental design
	External load monitoring
	Internal load monitoring
	Calculations of training indexes
	Statistical analysis

	Results
	Discussion
	Conclusion
	Acknowledgements
	References


